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Narrative Service

www.narrative.pubpharm.de

http://www.narrative.pubpharm.de/
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Document Graphs

www.narrative.pubpharm.de

http://www.narrative.pubpharm.de/


Ranking 

Narrative Query Graphs

https://github.com/HermannKroll/RankingNarrativeQueryGraphs/

https://github.com/HermannKroll/RankingNarrativeQueryGraphs/
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• Problem: graph-based retrieval matches queries isomorphically

– i.e., all correct answers show the same level of relevance

• Research Question:

– So, how can graph-based document representations be effectively 

ranked for document retrieval purposes
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Research Questions
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Method Design

• tf-idf

• coverage

• extraction confidence
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Partial Matching
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Evaluation
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Evaluation on PM2020

concept-centric information needs (good graph representation)
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Evaluation on PM2020
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Evaluation on PM2020
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Limitations shown on TREC COVID

25 of 50 topics could not be translated to query graphs because they were 

either not concept-interaction centric or concepts were missing,

e.g. school closings during COVID



• “If queries were concept-centric and the system knew those 

concepts, our methods outperformed BM25. However, not all 

information needs could be translated successfully because concepts 

were missing or lack of expressiveness.”

~ claimed by our paper

• Briefly, our graph-based ranking methods …

– Improve retrieval for an existing discovery system (precision and recall)

– Is open source + technical report available on arXiv ☺
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Conclusion



Thank You!
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krollh@acm.org

If you have any questions, 

contact me via:

@hkroll@fosstodon.org

www.hkroll.de

https://github.com/HermannKroll/RankingNarrativeQueryGraphs/

http://www.hkroll.de/
https://github.com/HermannKroll/RankingNarrativeQueryGraphs/
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